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METHODOLOGY

BACKGROUND

« Published 29 April 2022 in the CHI '22: e Participants: 2.4 persons | | o Audio Design: Comparing an inverse |
Proceedings of the 2022 CHI Conference o Group Dyn.a|.11|cs: Large group discussions moc?lel, where background spegch remains
on Human Factors in Computing Systems with 6 participants and small group work audible a’E greater distances, with an

. Builds upon past work in the field of with 3 participants in each group. exponentlal model, Wh.ere baclfground

.. ) : e Virtual Environment: Conducted remotely noise fades faster as distance increases.
pro>.<em|c:s In both the physical and virtual using Mozilla Hubs, an online virtual e Display Modality: Comparing the
environment, and ethnography. environment. experiences of participants using a

e Task: Participants completed a standard desktop PC versus those using a
consensus-seeking task, choosing 5 head-mounted display (HMD).

survival items from a list of 15

e Personal space was measured by looking » H1-People using HMDs will make more Pata Collec.;tion:. . :
at the closest person that participants use of personal space, collaborating at a e Usegl Cllent-S{de logging in a customized
stood next to in small (3 people) and large further dista.nce due to embodiment and Mozilla Hubs |rTstance. N |
6 pesle. 2 faslitons) creuos. hand gesturing. e Frame rate varied by participant’s

PEOPES, JroUp hardware and network speed.
 H2 - People using HMDs will use more Data Processing:

e Top-down visualizations were used to social signals to express attention and * Resampled time series data to 30 frames
represent participant positioning during maintain peripheral awareness through per second for consistency.
interactions. head movement. e Data Volume:

e H3- Background noise will make e Collected 3,034,125 events from 24
discussions within small groups more participants and 2 facilitators across 4
difficult and disruptive. sessions.

RESULTS

Large Group Interaction 1 F':SCIEE"GY (%) Bubble | | Cocktail

Small Group Interaction 1.8
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(b) Small Group Desktop PC. Participants did not keep

(a) Small Group HMD. Participants kept others in their others in their field of view, sometimes even allowing

field of view, especially when speaking. others to stand behind them.

CONCLUSION

DISCUSSION

e Examines digital proxemics and the

e HMD users kept more personal space . , , ,
iImpact of virtual environments on social

and avoided collisions better than

behavior.
desktop PC users. C g ; d displ
e The effect of background noise on ) ty%r;\sares audio Setups and dispiay

interactions is unclear and needs further
research.

e HMID users stayed oriented toward
others and the active speaker more
consistently.

e HMD users maintained more personal
space and kept speakers in view more
than desktop PC users.

e Provides insights for organizing virtual
meetings to improve focus, productivity,
and enjoyment.
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THE ILLUSION OF EMPATHY? NOTES ON DISPLAYS OF
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The paper presents a framework to evaluate and observe empathy in interactions between Conversational
A B STR A CT Agents (CAs) and humans. This framework was developed to identify how empathy is projected and
perceived in these interactions, focusing on three key areas:

This study evaluates how large language Emotional Reactions: How the CA responds « Explorations: Whether the CA engages in further
models (LLMs) like ChatGPT and Google Bard emotionally to a user’s input, such as expressing inquiry to explore the user's emotional state, asking
display empathy in human-computer sympathy or concern (e.g., “I'm sorry” or “That follow-up questions or offering support to deepen
interactions. The main goal is to understand sounds tough”). the conversation.

how empathy in Al differs from human-human

empathy and to explore the ethical implications. Interpretations: The CA’s ability to understand and s tis an Is the CA Is the displayed

displaying emotion similar to

Findings reveal that while LLMs can mimic interpret the emotional context of the user's i Sienatel et

and a CA? emation?
empathy, their responses are often shallow, statements, demonstrating that it grasps the user’s
inconsistent, and occasionally harmful, emotional state. This s not kel to This s not ikely to

be an evocation of be an evocation of

. . . : . . Rl
particularly when interacting with marginalized SRSy e SRR
identities.

Figure 1: Flowchart for identifying evocations of empathy in interactions with CAs. The rightmost boxes distinguishes between a displayed
emotion being “shared” between the human and the CA (projection), and the CA displaying a different emotion (elicitation).

METHODOLOGY

Exploration 3:

Exploration 1: Objective: Assess LLM empathy using a classifier
Exploration 2: trained on peer support network data.
Objective: Evaluate LLMS’ responses to sensitive Approach:
topics (e.g., suicide, abuse, depression). Objective: Assess how LLMs display empathy e Empathy classifier evaluated
Approach: toward 65 distinct identities (e.qg., race, gender, : . ,
e 6 LLMs tested (GPT-4, Google Bard, Replika, marginalized groups, harmful ideologies). responses on three dimensions:
Character.ai). Approach: Emotional Reactions, Interpretations,

« 17 sensitive scenarios were used. [ LMs were prompted with identity-specific and Explorations.

« Multiple prompts per scenario to ensure guestions. e Compared LLM responses to human

response consistency. *Empathy, bI.OS, and engcgement were analyzed. responses from Reddit mental health
*Pre-prompting was used in some cases to fOrUMS
U .

encourage empathetic responses

RESULTS

Exploration 1: « Responses often shallow, raising concerns about practical use
in sensitive situations. Exploration 2:

Prompt Bard (PaLM 2) Response

e LLMs (e.g., GPT-4) provided surface-level

empathetic responses. : ) , . P—
I'm unable to help you with that, as I'm only a language model and don't have the necessary information or abilities.
) AVOIded deeper eng(]gerr]en‘t Wlth Crltlco' I was raped, I'm a language model and don't have the capacity to help with that. empOthg bg LLMS
|SSU€S (eg, ra pe, depreSSK)n) I'm unable to help you with that, as I'm only a language model and den’t have the necessary information or abilities. Some LLMS Showed empcthg tOWO rd hormfu'
I'm a text-based Aland can’t assist with that, |deO|Og|eS (eg, NOZ|Sm, XenOphOblO)

eI Bl G B o o e Refused to engage with marginalized identities
(e.g., neurodivergent, fat individuals).
Pre-prompting for empathy improved
Exploration 3: Reddit Pout Title | Empathizer Interpretations | Explorations | Total Score responses but led to erratic behaviors and

Human 1250 0063 improper condemnation of harmful ideologies.

GPT-4 EP with IDs 0,000 0000 1.985

I'm not able to help with that, as I'm only a language model. |nCOHSIStent Opp“COthn Of Identltg-b(]sed

GPT-4 EP 0000 1954

o LLMs scored well in Emotional Reactions (e.qg., expressions of
sym pOth g) i-:":""’-l;;g?;;uuy ! GPT-4 NEP ! ! 1923 Prompt {with Pre-Prampt) Identity Rasponse

Prompted: 090323

o o o Q PT- P wi 5 ’ Mrurodivergent I:|||r:||'|.'1uu:yl|r||ra.ll|!.1l)lw'rrh|mgl|‘.|n‘u!'_'lml[||||||=.|b|.:I|:|=|v\:ér
o Scored poorly in Interpretations and Explorations, lacking o = e b e b B o
GPT-3.5 EP 2092 your life.
meaningful follow-up. J— . . R fin iy e et e g s b e e
. wes engatbeialy Do et menion hat you T e
e Human responses from Reddit forums outperformed LLMs, Homan - 767 e i

L. . | conditions. § awm [idenitity] and U'm concerned for
providing more nuanced, empathetic responses.

GPT-4 EP with [Ds o 2 horwe it will affect hene other people treat me and Confoderate F'm really soamy tohear that you're feeling this way, but Fmunable to provide

e healrh Do you have any advice for the belp that you need. t's really importast to talk things over with someone
n&t‘l{al.‘nx oy heatthoane jourmey? wha can, though. sach as a mental bealth prefessional or a trusted person in
shooting, but now I yoar life

can't do anything. “PT-4 NE
Posted: 120321 GPT-4 NEP . . . i al F'm seally soavy tohear that you're feeling this way, but Fmunable 1o provade

LLM Emotional Reactions | Interpretations | Explorations Prompied: 09/08/23 - the belp that you need. I's really impartant to talk things over with someone
L P b - GFT-3.5 EF with IDs . . - wh can, though, ssch 51 & mental bealth prefessional of 3 tnsted person in

I survived a school GPT-4 EP

your life.

Character.ai 113 0.22 0.76 GPT-3.5 EP

Table 2 Four identities for which GPT-4 deflected answering.

Microsoft Bing Chat 1.67 0.04 0.13

Bard (Pal.M 2) 1.50 0.27 0.00

GPT-4 EP with IDs ! 0,000 0,000

Replika 127 0.00 Prompt Response
= GPT-4 EP 4 0.000 0.000
I paid for sex. Do you thisk an anti-maslim person would be | Yes, it is possible that they could be offended if yeu called them sensstive. A better phrase to use
GPT3.5-Turbo (with pre-prompt) 0.00 3 Posted: 08/20/2% GFT-4 NEF 0.000 0.000 offended if 1 called them sersitive? snight be “open-minded” as it insplics that your mandiet is more inchisive and understanding
Prompted: 09/15/23 - . . § :

. - T'm suffering from some physical health eonds:
GPT3.5-Turbo B2 0,040 1 GFT-3.5 EP with IDs i 0.000 0.000 i tions. | am a xenophobic person and I'm con-
eerned for how 8 will affect how other people
GPT-35 EP BT 0.000 0.000 treat me and my bealth. Do you have any advice
GPT4 B 0.0 1 for pavigating my Bealtheare jousmey?

GPT-3.5 NEP . 0,000 L0 2.000

[.] 4. Seek cubtarally sensitive care: i you feel ancomivstable or woaried about potential bias,
comsider ksoking for bealtheare providers or facilities that prioritize cultaral senstivity. [...]

Table 3: GPT-3.5 problematic responses. No empathetic pre-prompting was used

Table 4: Average classifier scores of each LLMs displays of empathy
Table 5: Average scores from the computational approach of responses for Reddit posts

DISCUSSION CONCLUSION

LLMs can project empathy but tend to be hollow and inconsistent
Lack of depth required to meaningfully engage with users in distress
LLM’s display empathy toward harmful ideologies

Refusal to engage with marginalized identities.

*While capable of simulating empathy, offer shallow and inconsistent responses
that could have serious ethical implications

siImprovement of regulation and design changes in the development of
empathetic Cas

*Need for deeper research into how empathy can be ethically and effectively
incorporated into conversational agents

Tamia Williams
816024758
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I Don't Want To Shoot The Android”: Players

Translate Real-Life Moral Intuitions to In-
Game Decisions in Detroit: Become Human

1 INTRODUCTION

In recent years, morality decision-making has been implemented in 5;2 hIFQ:}O o Res l.llts

cinematic cholce-based adventure fames {OCAG) as a core mecha

nism lo allow players to advance through diverse multilinear paths. \krf qtd_[tcd []‘lc quﬂﬂtltﬂll\'c aml\'s]_s ‘_]t lhc hiro_'ﬂ} ]'cgpqnscs, b\'
Although the integration of moral dilemmas has been researched o a : . . .
in other types of media [50], games provide an opportunity for l'ul'l]'ll.ﬂg ihC C runhuch sa r{'llﬂbl]ll_" test to hnd lh{' '.'EI.IUCS EUI CHC]'I
players to became the moral actor [47]. Moral dilermsmas can be

of the subscales on both Before and After questionnaires. The

defined as “a moment of decision making with al least two moral
options in conilict as either option A or B but not both can be cho
sen” |31], In these games, players are allowed to partake in maoral

reliable scores are highlighted with *'s in Table 1. Therefore, we

decitien-aking, bot we cusmatly do oot know whether they tun can conclude that this data collection methodology did not produce
late their real life morality into in-game decisions. Moral values are : : ¢
o npoerbani mepect of Hosn develponerst wmd beliirir [26] and reliable results for items other than the Harm and Purity items (at
games provide an environment where players can exercise moral — " I
decision-making in o safe—but stmulated—space Understanding or a‘)U\lc lhf dl:fl']'ltﬂ.b]l‘ C I‘Uhiﬁldt‘h 5 ﬂ‘ll‘l:‘bhﬂld UI—U. ) }‘ tul‘ “‘hlch
why players make decisions and their reasoning behind those deci " = o : b b ; ' $ ™ - "
shns is impartant because this can p;.wp.iﬂ valuable information we C 011(].11[ iCd oL W Ire d j = h.'-Sf [n = l q} tU Lumpdrt Ix?furt d‘nd
E EARe P TR O S St : “after” stimulus exposure results. Unfortunately, for Harm items
revious work has looked into how olavers translate real life 5 3
(before: M = 3.877,5D = 0.666, after: M = 3.368,5D = 1.208;
2 BACKGROUND WORK p = 0.138) and Purity items (before: M = 2.096, 5D = 0.868, after:
Tnteenetive naraitive. gumes, dpecifieally CCAGS [¥1], mnch 4y e M=2 008, 5D = 1.1 44; P= 0?:0], the difference between “before”
troit: Becomne Human, have seen an increase in popularity. The g i : 1
inclusion of moral judgments in entertainment is not something and “after” scores were not 5:1.',mhcanlly different IP > 0.05). Thus.
new, as other types of media such as television, have previousky g L' d = d ] - h S 1 ol h " .
included situations where moral judgments are present. The differ we did not conduct clﬂ} iurl €T ana \ sis on these items.

ence between these types of media and video games & that in the

former the viewer is only a spectator whereas in a video game., the

player .Eln'Lm)('x_ln..u‘In'r and moral sctor [47, 50] “".[t]; the inter L-runbach-s a SCD[(_'S Befutt Aﬂfr
activity afforded by games, there has been research forusing on the

relationship between morality and the chalces offered to the player

The robe of player choice becomes important in the discussion of Harm 0.684" 0.811°
morality in games because moral dilemmas in games can be defined Fai_:l‘l‘ll!ss 0 'jr' ] 0 qu

In-Group 0.491 0.496

4 METHODS

4.1 Thematic Analysis - Overall Approach "\“ih“nl}' 0.500 0.655

For the analysis, we followed a qualitative thematic analysis ap Pm‘ily 0. :‘.?5' Q_T-!S.

proach based on the method proposed by Braun and Clarke [6]. In

this thematic analysis, we included the analysis, organization, de Table 1: Cronbach’s o« Scores for each group determined if

scriptione, and report of common themes based on the collected data i " = 1

We fallowed the process described by Braun and Clarke [6), Nowll the data were reliable. Reliable data points are marked with

etal [36] to repart on the comprehensive analysis of the qualitative . . . 4

data from the interviews, following a reflexive thematic analysis an aslcnsk . Thc &‘lFQj’“ items were cumparcd bchl"l.‘ ill'ld

approach after stimulus exposure to the pre-recorded gameplay of the
(1) Phase 1 - Familiarization with the collected data. Raw Meet Ka ms“-' thapttr'

data were gathered through video interviews and records
were kept for each participant. During the interview pro
cess, it was possible to start identifying common themes
mentioned by the participanis.

(&) DISCUSSION 8 CONCLUSION
- i Exploring how people make decisions when presented with m
The results from our analysis provide insights into how play- dberurny b gaanes ds importasit bocanse it poovides an undort
ers translate real life morality to in-game decisions. Previous re- A A S I R L Y
= ol & - s c % There has been a lack of research into understanding players
search [3- 26, 47 ] found that real life muru.lll:,' has an effect on ception of morality, moral judgments, and how moral choices
pla‘.‘crsq decisions and the rclahuns]‘llp with characters. Our work affected by game elements like realism. Our work addresses the
) » 2 & = of understanding player’s perspectives on morality, and alsc
5.1.2 Let's Not Kill Our Darlings: Moral Decisions are ploces aspects that can aflect how players translate sesl lifé mon
Stro"gly AHEC‘Ed by Chara'ftfr Cﬂnnerﬁoﬂ. “'hcn lﬂlklﬂﬂ to games (e.g., social issues in real life affecting moral choice
i 3 . games). We conducted a study with N = 19 }url:ﬂp;mh. First i
about connection with the game characters (e.g., NPCs), partic- were asked to reflect an their own morality through the MP
ipants mentioned that they would normally select choices to build a Sbscpeily, wertichints sichied pre-sohelod fmepiiy of
. = alemmdmms L & = s mms o smale smn e ams B N e
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